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[Introduction] Conditional VAE
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Dimension Train size Valid size Test size
USPS 784 6,438 1,000 1,860
MNIST 784 10,000 10,000 10,000
SynthDigits 1,024 10,000 10,000 9,553
SVHN 1,024 10,000 10,000 26,032
Frey 560 1,565 200 200
Olivetti 560 150 100 150
UMist 560 300 75 200
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Visualization of latent variables on USPS-MNIST
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USPS—MNIST 0.52 + 2.15
MNIST-USPS 0.64 + 0.01
Synth-SVHN 0.20 + 0.00
SVHN-Synth 0.25 + 0.01
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